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Study on Shape Judgment of Vegetables and Fruits
of Long Size By Using Neural Network™
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Recently, many scientists have studied machine vision technique for sorting and inspect-
ing of vegetables and fruits. But, the traditional image recognition and image understand-
ing methods cannot judge satisfactorily those irregularly shaped vegetables and fruits,
Thus, in this study a new feature extraction procedure and neural network were applied
to the machine vision system to precisely judge for vegetables and fruits of long size. As
the newly developed machine vision system has a learning capability, it can judge more
than one variety of vegetables and fruits of long size. The judging results for okra, cucum-
ber and eggplant showed a high accuracy, hence the system offers a great potential for

sorting.
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Fig.2 Outline of machine vision system for shape judgment
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Fig.3 The feature extraction of long
shape vegetables and fruits
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A flow chart of the application software
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multiple-layer neural network
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The feature extracting images
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