ITEFRIBIC K B Support Vector Machine D23 0 &5di b 339

IERRIC K D
Support Vector Machine D D &=k b

gk — A kg [ AR LENIN

High-Speed Learning of Support Vector Machine
by Divide and Conquer Method
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Abstract

Support Vector Machine (SVM) is a kind of pattern classification method. Because learning of
SVM is based on quadratic optimization, SVM can easily handle large scale problems with many training
examples. But learning of SVM takes a long time for such large problems. This paper proposes a new
method to achieve fast learning for SVM by dividing training examples. In addition, faster learning
will be achieved by parallel implementation and using of alternative kernels for dividing process and

conquer process. Simulation result show that own method achieves faster learning with keeping the

same accuracy than that of conventional SVMs.
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