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Accuracy Improvement for TSP by
Multi-Level Perturbed Parallel Island Model

Kunihito YAMAMORI, Masato WATANABE, Masaru AIKAWA

Abstract

Tracking problem is one of the popular benchmark to evaluate reinforcement learning. In the tracking problem,
some hunters trace a target and try to catch target in shorter steps. In the paper, we propose to separate decision
marking process of reinforcement learning from two points of view; strategy decision and tactical decision. Strategy
decision decides the movement policy of the hunters, and tactical decision decides the movement direction of each
hunter. Experimental results showed that our method could catch the target with 54% steps by the conventional

reinforcement learning.
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